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http://flowingdata.com/2017/01/24/one-dataset-visualized-25-ways/
https://www.gapminder.org/tools/
http://www.theyrule.net/
http://www.informationisbeautiful.net/
http://www.bewitched.com/
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Pearson Spearman

~ Sensitivity to outliers more sensitive less sensitive BB
" can be used with ordinal data no yes
Assumes data are from a yes no
~ normal distribution SRR
U Detects non-linear no yes
s relationship SRR
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http://www.tylervigen.com/spurious-correlations
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FEV vs age in children and adolescents S
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i Ewoway: (lowess fey age, bwidth(0:8)) (scatter fev age, sort); yritle(FEV) = 1l
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RN FEV by age group S
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~* Yis the variable that you want to predict, or better
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~ * aisthey-interceptoftheliney=a+gx
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-~ Simple linear regression

- * Wenote this by including an error term, ¢, inour
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