Behavioral Risk Factor Surveillance System (BRFSS)
This dataset was uploaded to Kaggle by the CDC (see https://www.kaggle.com/cdc/behavioral-risk-factor-surveillance-system). The following description is from the Kaggle website:
The objective of the BRFSS is to collect uniform, state-specific data on preventive health practices and risk behaviors that are linked to chronic diseases, injuries, and preventable infectious diseases in the adult population. Factors assessed by the BRFSS include tobacco use, health care coverage, HIV/AIDS knowledge or prevention, physical activity, and fruit and vegetable consumption. Data are collected from a random sample of adults (one per household) through a telephone survey.
The Behavioral Risk Factor Surveillance System (BRFSS) is the nation's premier system of health-related telephone surveys that collect state data about U.S. residents regarding their health-related risk behaviors, chronic health conditions, and use of preventive services. Established in 1984 with 15 states, BRFSS now collects data in all 50 states as well as the District of Columbia and three U.S. territories. BRFSS completes more than 400,000 adult interviews each year, making it the largest continuously conducted health survey system in the world.
· Each year contains a few hundred columns. Please see one of the original codebooks, e.g. https://www.cdc.gov/brfss/annual_data/2015/pdf/codebook15_llcp.pdf  for complete details.
· These CSV files were converted from a SAS data format using pandas (a Python environment for statistical analysis); there may be some data artifacts as a result.
You have been provided a smaller version of this dataset in an Rdata object that contains in 5,000 data points from years 2014 and 2015. Each row in the dataset corresponds to a survey of a single adult.
For the original SAS dataset as well as more recent data, go to https://www.cdc.gov/brfss/annual_data/annual_data.htm.
Steps for analyzing the data:
Step 1: Load the data with load("datbrfss.RData")
Step 2: Use visualization/plotting tools to examine the datasets. Are there extreme outliers? Are there any missing data?
Step 3:  Determine a question that you want to examine. You can treat this as a regression, classification or clustering/data reduction problem.
[bookmark: _GoBack]Step 4: Fit a classification, regression, or clustering model/algorithm to the data. (Remember to partition the data appropriately into training and test data! Carefully think through how you want to do this.) How did you select this model? If there were hyperparameter values, how did you choose them?
Step 5: Evaluate the regression/classification accuracy or cluster reliability of the model/algorithm fitted (as appropriate) on your independent test dataset.
